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Abstract 

The paper presents the development of the multilingual legal advisor chatbot designed to provide accessible 

legal assistance in Tamil, English, and Hindi. The system integrates natural language processing (NLP), 

speech recognition, and document automation to answer user queries and generate legal documents such as 

stamp interaction with multilingual support, the chatbot addresses barriers of language and literacy in 

accessing legal services. The architecture is modular, incorporating components for speech‑to‑text 

conversion, translation, intent recognition, and document generation. Evaluation demonstrates the chatbot’s 

ability to deliver accurate responses, reduce manual drafting time, and improve accessibility for underserved 

communities. This work highlights the potential of conversational AI in democratizing legal aid and sets the 

foundation for scalable, domain specific advisory systems. 
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1. Introduction 

Access to legal services remains a challenge for many 

individuals due to language barriers, high costs, and 

limited availability of professionals. In multilingual 

countries like India, legal information is often 

available only in English, leaving large populations 

unable to understand or access it. Moreover, drafting 

legal documents requires specialized knowledge, 

which is not easily available to the general public. 

Recent advances in AI‑driven conversational systems 

have shown promise in domains such as healthcare, 

education, and customer support. However, the legal 

domain presents unique challenges: the need for 

accuracy, compliance, and contextual understanding. 

Existing chatbots are often monolingual and lack the 

ability to generate legally valid documents. This 

paper introduces a multilingual, voice‑enabled legal 

advisor chatbot that not only answers legal queries 

but also automates the drafting of legal documents. 

The contributions of this work are: 

 A multilingual interface supporting Tamil, 

English, and Hindi. 

 Voice‑based interaction for accessibility to 

users with limited literacy. 

 Automated legal document drafting, 

including stamp papers and agreements. 

 A modular architecture that can be extended 

to other domains. 

2. Literature Survey  

2.1. Overview of Legal Chatbots 

 Scope and specialization: Early legal chatbots 

focused on narrow tasks (e.g., FAQs, dispute 

letters, intake triage), using rule-based flows 

and fixed knowledge bases. These systems 

offered predictable outputs but struggled with 

nuanced queries, jurisdictional variance, and 

evolving statutes. 

 Shift to data-driven approaches: With 

advances in NLP, legal assistants began 

leveraging embeddings, retrieval-augmented 

generation (RAG), and domain-adapted 

models to improve contextual understanding. 

Hybrid systems combining deterministic 

rules with model-driven reasoning gained 

traction to balance accuracy and flexibility. 

 Key gaps: Limited multilingual coverage, 

insufficient handling of voice input, and 

scarce support for automated drafting of 

legally structured documents (contracts, 

affidavits, stamp papers). Many systems also 
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lack mechanisms for provenance and citation 

of sources. 

2.2. Multilingual NLP for Legal Domains 

 Cross-lingual representation: Multilingual 

encoders and translation pipelines enable 

understanding across languages, but domain 

adaptation is crucial due to legal terminology, 

idioms, and formal phrasing that differ by 

language and region. 

 Terminology alignment: Effective systems 

map legal terms and entities (acts, sections, 

case names) across languages, often using 

glossaries and bilingual dictionaries tied to 

jurisdiction-specific ontologies. 

 Challenges: Code-switching (mix of 

Tamil/English/Hindi), low-resource language 

coverage, and preservation of meaning during 

translation (especially for statutory 

references, dates, amounts, and named 

entities). 

 Best practices: Use translation-aware intent 

detection, language identification, and post-

editing for critical passages. Augment 

training data with parallel corpora and legally 

validated examples to reduce drift. 

2.3. Voice Interfaces and Accessibility 

 Speech-to-text (STT): Voice input expands 

accessibility for users with limited literacy or 

typing skills. Legal contexts demand high 

ASR accuracy for named entities, numbers, 

and formal phrases. Accent and dialect 

robustness is essential for Tamil and Hindi 

variants. 

 Text-to-speech (TTS): Natural, clear, and 

locale-appropriate speech synthesis improves 

user trust and comprehension; prosody and 

emphasis matter for legal instructions and 

disclaimers. 

 Accessibility impact: Voice interfaces can 

lower barriers to legal information, but 

require careful UX: turn-taking, 

confirmations, and read-backs of critical data 

(e.g., amounts, dates, names) to avoid costly 

misunderstandings. 

 

 

2.4. Document Automation in Legal Tech 

 Template-driven drafting: Contract and form 

generation typically relies on validated 

templates with parameterized fields, 

conditional clauses, and jurisdictional 

variations. This ensures consistency and 

compliance. 

 Constraint handling: Robust systems 

implement input validation (names, IDs, 

addresses), clause inclusion rules, and 

signature workflows. Audit trails and 

versioning are standard for accountability. 

 Quality assurance: Human-in-the-loop 

review remains common, especially for high-

stakes documents (stamp papers, affidavits). 

Structured outputs (DOCX/PDF) with 

metadata and watermarks support 

downstream processes. 

 Open gaps: Few conversational agents 

integrate end-to-end drafting for multilingual 

contexts with voice intake, dynamic clause 

selection, and legally appropriate formatting 

across languages. 

2.5. Retrieval, Reasoning, and Compliance 

 Knowledge access: RAG architectures 

combine vector search over statutes/FAQs 

with curated rule sets. Systems benefit from 

citation grounding—linking responses to 

specific acts, sections, or authoritative 

sources. 

 Reasoning boundaries: Legal advice requires 

conservative generation. Many systems limit 

scope to informational guidance, disclaimers, 

and referrals, avoiding prescriptive advice 

without professional review. 

 Compliance and auditability: Logging, 

consent management, data minimization, and 

transparent disclaimers reduce risk. 

Jurisdiction tagging helps prevent cross-

region misapplication of laws. 

2.6. Evaluation Methodologies 

 Answer quality: Benchmarks typically 

measure correctness, relevance, 

completeness, and citation accuracy. Domain 

expert review is preferred for validation. 

https://irjaeh.com/
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 Language robustness: Test sets include 

multilingual queries, code-switching, 

dialectal variants, and ASR error conditions. 

Metrics track semantic fidelity after 

translation and transcription. 

 Document quality: Evaluation covers 

formatting compliance, clause correctness, 

placeholder resolution, and error rates in 

critical fields. Time-to-draft and user 

satisfaction provide practical indicators. 

 User studies: Usability scores, task 

completion rates, and accessibility feedback 

(voice vs. text) help quantify impact for 

diverse user groups. 

2.7. Ethical, Legal, and Operational 

Considerations 

 Risk management: Clear disclaimers, scope 

limitations, and referral pathways to licensed 

professionals mitigate harm. Systems should 

avoid definitive legal advice without 

verification. 

 Bias and fairness: Multilingual systems must 

guard against unequal performance across 

languages or dialects. Continuous monitoring 

and dataset curation are essential. 

 Data protection: Handling personally 

identifiable information (PII) and sensitive 

case details demands secure storage, 

encryption, and strict access controls. Respect 

local data regulations. 

 Sustainability: Regular updates to statutes and 

templates, monitoring model drift, and 

feedback loops from users/legal experts 

maintain reliability over time. 

2.8. Positioning of the Present Work 

 Integrated capability: Combines multilingual 

QA (Tamil, English, Hindi) with voice-based 

interaction and automated drafting of stamp 

papers and legal documents—addressing 

gaps in language coverage and end-to-end 

document generation. 

 Modular architecture: Separates ASR/TTS, 

translation, intent/entity recognition, 

retrieval, and templated drafting, enabling 

targeted improvements and jurisdictional 

extensions. 

 Accessibility focus: Voice-first workflows 

with read-back confirmations and 

multilingual outputs improve usability for 

non-expert users. 

 Future extensions: Deeper citation grounding, 

broader language support, adaptive templates 

per jurisdiction, and professional review 

channels for complex cases. 

3. Existing Model Summary 

3.1. Rule‑Based Legal Chatbots 
Early systems relied on decision trees anD predefined 

rules. 

Example: FAQ bots for legal aid websites. 

Strengths: Predictable, easy to implement. 

Limitations: Cannot handle complex queries, 

monolingual, no document drafting. 

3.2. Monolingual Legal Assistants 

(English‑Only) 

Platforms like DoNotPay automate specific legal 

tasks (e.g., parking ticket disputes). 

Strengths: Task‑focused, user‑friendly. 

Limitations: Restricted to English, limited scope, no 

multilingual or voice support. 

3.3. Multilingual Chatbots (General Domain) 

Use Google Translate APIs, multilingual BERT, 

or GPT‑based models for cross‑lingual Q&A. 

Strengths: Handle multiple languages, scalable. 

Limitations: General purpose, not domain‑specific; 

legal terminology often mistranslated. 

3.4. Voice‑Enabled Assistants (Alexa, Google 

Assistant, Siri) 

Provide speech‑to‑text and text‑to‑speech interaction. 

Strengths: Accessibility for non‑literate users. 

Limitations: Not tailored for legal reasoning, no 

document drafting. 

3.5. Document Automation Tools (Contract 

Generators, Legal Templates) 

Tools like HotDocs, LegalZoom generate contracts 

from templates. 

Strengths: Legally structured outputs, compliance 

with standards. 

Limitations: Require manual inputs, not 

conversational, no multilingual or voice support 

4. Related Work 

The integration of artificial intelligence into the legal 

domain has been explored through various 

approaches, ranging from rule‑based expert systems 
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to data‑driven conversational agents. Early legal 

chatbots were primarily rule‑driven, relying on 

decision trees and predefined templates to answer 

frequently asked questions [1]. While these systems 

provided predictable outputs, they lacked the 

flexibility to handle complex or context‑sensitive 

queries. With the advancement of natural language 

processing (NLP), researchers began developing 

monolingual legal assistants capable of retrieving 

statutes, case law, and procedural guidelines. 

Platforms such as DoNotPay demonstrated the 

potential of automating specific legal tasks, such as 

contesting parking tickets or generating simple legal 

letters [2]. However, these systems were restricted to 

English and offered limited adaptability to 

multilingual or regional contexts. Parallel 

developments in multilingual NLP have enabled 

cross‑lingual understanding through models such as 

mBERT and translation‑augmented pipelines [3]. 

These approaches have been applied in domains like 

healthcare and education, but their adoption in the 

legal sector remains limited. A key challenge lies in 

the accurate translation of legal terminology, where 

semantic precision is critical. In terms of 

voice‑enabled interfaces, mainstream assistants such 

as Google Assistant, Alexa, and Siri have 

demonstrated the feasibility of speech‑driven 

interaction. Studies show that voice interfaces 

improve accessibility for users with limited literacy 

[4]. However, these systems are general‑purpose and 

not tailored for legal reasoning or document drafting. 

Document automation tools such as HotDocs and 

LegalZoom have also gained traction, offering 

template‑based contract generation and compliance 

checks [5]. While effective for structured drafting, 

these platforms require manual data entry and lack 

conversational accessibility. Recent research has 

explored retrieval‑augmented generation (RAG) for 

legal question answering, combining vector search 

with large language models to improve contextual 

accuracy [6]. These systems show promise in 

providing grounded responses but often remain 

monolingual and text‑only. Gap Identified: Existing 

solutions either focus on multilingual Q&A or 

document automation, but rarely integrate both [7]. 

Moreover, very few systems combine multilingual 

NLP, voice interaction, and automated legal drafting 

in a single framework. This gap motivates the present 

work, which introduces a multilingual, voice‑enabled 

legal advisor chatbot capable of answering queries in 

Tamil, English, and Hindi, while also generating 

legally valid documents such as stamp papers and 

agreements [8].  

5. System Architecture 

 
Figure 1 AI-Based Online Interview & Assessment System Architecture 
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The architecture can be described in five layers 

(Figure 1): 

5.1. User Interface Layer (Frontend) 

 Streamlit UI for interaction.Input modes: 

 Text (English, Tamil, Hindi) 

 Voice (speech-to-text) 

 Legal Drafting (structured templates. 

 Output: Text + Voice (gTTS playback). 

5.2. Input Processing Layer 

 Speech Recognition (speech_recognition + 

Google STT): Converts recorded audio into 

text. 

 Translation (LangChain + Gemini API): 

Normalizes queries into English for 

processing. 

5.3. Core Logic Layer 

Query Handling: 

 If Legal Drafts: Generates formatted legal 

documents. 

 If Legal Q&A: Sends query to Gemini LLM 

with legal advisor prompt. 

 Language Routing: Ensures responses are 

translated back into the user’s chosen 

language. 

5.4. Output Processing Layer 

 Text-to-Speech (gTTS): Converts answers 

into audio in Tamil, Hindi, or English. 

 Document Generation: Drafts legal 

documents in .txt format. 

5.5. Integration Layer 

Email Trigger (SMTP): Sends drafted legal 

documents as attachments. 

Cloud APIs: Google Generative AI (Gemini), Google 

Translate, Speech Recognition [9], [10]. 

6. Implementation Details 

6.1. Technologies Used 

 Frontend/UI: Streamlit 

 Voice Processing: speech_recognition, gTTS 

 NLP/LLM: Google Gemini 

(google.generativeai, 

langchain_google_genai) 

 Translation: LangChain PromptTemplate + 

Gemini API 

 Document Drafting: Prompt-based 

generation, saved as .txt  

 Email Integration: smtplib, 

MIMEApplication 

 Utilities: os, base64, BytesIO 

6.2. Workflow 

6.2.1. User Input 

 Text typed OR voice recorded. 

 If voice: audio → STT → text. 

6.2.2. Translation 

Input normalized to English for consistent LLM 

processing. 

6.2.3. LLM Processing 

 If Q&A: Prompt instructs Gemini to act as a 

legal advisor. 

 If Drafting: Prompt instructs Gemini to 

generate a legal document format. 

6.2.4. Response Handling: 

 Response translated back to 

Tamil/Hindi/English. 

 If Q&A: Display + TTS playback. 

 If Draft: Save as .txt + optional email trigger. 

6.2.5. Output Delivery 

User sees text, hears voice, or receives 

document/email. 

7. Discussions 

 Strengths: Accessibility, multilingual reach, 

automation of repetitive legal tasks. 

 Limitations: Reliance on predefined 

templates for documents; limited coverage of 

complex legal cases. 

 Future Work: Integration with official 

e‑governance portals, expansion to additional 

languages, and incorporation of legal 

reasoning models. 

Conclusion and Future Work 

This paper presented a multilingual, voice‑enabled 

legal advisor chatbot that addresses accessibility 

challenges in legal services [11]-[15]. By combining 

NLP, speech recognition, and document automation, 

the system provides a scalable solution for 

democratizing legal aid. Future enhancements will 

focus on expanding the knowledge base, improving 

contextual reasoning, and integrating with 

government services to ensure broader adoption. 
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